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Abstract:  The suppot vector machine ( SVM), as cme of special regularization methods, has been used successfully in the
field of pattern recogmition. However, the traditional SVM, a supervised leamning method, gets the nommal vector of the decision
boundary mainly acconding to the laggest Interval ponciple but has not congdered the undedying geometric structure and the discom-
inant infoemation fully . Therefore, a global and local preserving based serni- supervised suppott vector machine: GLSSVM, 1s present-
ed in this paper by introducing the basic thearies of the Incality preserving projections {LPP) and the within-class scatter of linear
discrimninant analysis (1DA ) inte the SVM. This method inherits the characteristics of the traditiomal SVM, fully comsiders the global
and local geometric structure between samples, shows the global and Iocal undedying discrirmnant infremation and meets the conas-
tency assumnption which the semi-supervised method must coincides with so that the shortcomings of the supervized methods can be
overcome and the classfication accuracy can be increased. The tests on the actificial and real datasets show the above mentioned ad-
vantages of the GLSSVM method.
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